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Ahvaz hydrometric stations
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—— Observed elevation
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Figure 7- Discharge hydrographs generated by the geoBAM algorithm fonthe 18 water year using
channel widths extracted from Landsat 8 imagery under expert and unsup ed classification mode
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1- Mass conserved Flow Law Inversion
2- Manning’s equation
3- at-many-stations hydraulic geometry

4- at-a-station hydraulic geometry
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5- Bayesian AMHG-Manning
6- Geomorphologically-enhanced variant of BAM
7-  Unsupervised
8- Expert
9- Saint-Venant
10- Modified Normalized Difference Water Index
11- Normalized Difference Vegetation Index
12- Enhanced Vegetation Index
13- Dynamic Surface Water Extent
14- Automated Water Extraction Index shadow w
15- Multi-band Spectral Relationship Visible
16- Multi-band Spectral Relationship Near-Infrared
17- Prior distributions
18- Nash—Sutcliffe efficiency \
19- Relative Root Mean Square Error u
20- Normalized Root Mean Square Error w
21- Relative bias
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satelllte imagery, while the r ﬁm hydra
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